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ADAPTIVE LEARNING PLATFORMS IN ENGLISH LANGUAGE
TEACHING: EFFECTIVENESS AND IMPLEMENTATION

Abstract. This article examines the effectiveness and implementation pathways
of adaptive learning platforms in English language teaching, synthesizing empirical
findings and practice-based evidence. Drawing on studies that employ pre-test-post-
test designs with standardized proficiency measures, learning analytics, and survey-
based motivation models, we identify consistent gains in accuracy, rate of progress,
and persistence when instruction is personalized via Al, NLP, and ML. Three
mechanisms recur across the evidence base: targeted remediation that minimizes
wheel-spinning, immediate formative feedback that stabilizes motivation, and
multimodal scaffolds that align with diverse learner preferences. A complementary
review of personalized adaptive learning in tertiary contexts indicates that micro-level
adaptations to content, sequences, and assessments produce measurable benefits when
embedded within coherent macro-level course design.

We propose an implementation framework that aligns platform selection,
curriculum redesign, and capacity building. Effective deployments clarify learner
goals, map platform features to specific language outcomes, and institute instructor
development for co-design, content authoring, and data-informed decision making.
Case exemplars from higher education and skills training suggest that collaborative
models and competency-based progressions are especially promising. However, the
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analysis surfaces critical constraints: privacy and data protection requirements, risk of
over-reliance on automated feedback, cost of integration, and the potential erosion of
learner autonomy. To mitigate these risks, we argue for human-in-the-loop oversight,
transparent data governance, and explicit training in self-directed learning strategies.

Future work should strengthen causal inference on long-term outcomes, evaluate
equity impacts across learner subgroups, and test mixed-reality extensions that create
authentic communicative contexts. We conclude that adaptive platforms can advance
both efficiency and equity in language education when implemented as part of a
holistic pedagogy — not as a stand-alone technology — and when teachers remain central
as designers, interlocutors, and ethical stewards of learner data.

Keywords: adaptive learning platforms, English language teaching,
personalised instruction, learning analytics, wartime education.
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AHIIIMCBKOI MOBU: EOEKTUBHICTH TA BITIPOBA I KEHHSI
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aJanTUBHUX MJIaT(OPM HAaBUAHHSA y BHUKJIAJaHHI aHIVIIMCHKOI MOBH 3 ypaxXyBaHHSAM
EeMIIPUYHUX JAaHUX 1 MPaAKTUYHOTO A0CBITy. CMparoyuch Ha TOCHIKEHHS 3 IU3aiiH-
MakeTaMu J10- Ta MICAATECTYBAaHHs, CTaHJAPTU30BaHUMM BHUMIPHUKaMHU MOBHOI
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KOMITETEHTHOCT], aHAJIITUKOK HABYaHHS Ta OMUTYBAJIbHUMHU MOJEISMHU MOTHUBAIIII,
OKpECJIeHO CTaOUIbHI 3UCKH Y TOYHOCTI, TEMIIl MPOTPECy Ta HAMOJETJIMBOCTI, KOJH
IHCTpyKTaX mnepcoHam3yeTbes 3acobamu Al, NLP 1 ML. V¥V pisHux mxepenax
MOBTOPIOIOTHCS TPU MEXAHI3MU: LIJILOBA peMeiallis, M0 MIHIMI3y€ «TONTaHHS Ha
MICIII», HeraitHu# (popMyBabHUI 3BOPOTHUH 3B’ I30K, SIKUW CTaOLTI3y€ MOTUBAIIIIO, TA
MYJIbTUMOJIATBHI OTIOPH, Y3TOJKEH1 3 PI3HUMH HaBYAIBHUMU yo100aHHsIMU. Oriisija
NEPCOHATI30BAHOIO AJANTHUBHOTO HABYAaHHS Yy BHIIIA IIKOJI CBIIYUTH, WIO
MIKPOpIBHEBI ajanTallii KOHTEHTY, MOCIIJOBHOCTEH 1 OI[IHIOBaHb JAal0Th BUMIpPHI
edexTu, Ko iX BOy0BaHO y IUTICHUNA MaKpOIU3aliH Kypcy.

3anponoHOBaHO PAMKy BIPOBAJKEHHS, IO Y3ro[Kye BHUOIp miaTgopMu,
peaun3aiiH HaBYaJbHUX IUIaHIB 1 po30y/10BYy CIPOMOXKHOCTEN. Pe3ybTaTuBHI 3a1ycKu
YTOYHIOIOTh 111 3/100yBauiB, 31CTABISAIOTh (QYHKLII MIaTGOPMH 3 KOHKPETHUMH
MOBHUMHU pe3yJIbTaTaMu Ta 3a0€3MevyI0Th PO3BUTOK BUKJIaAa4iB JJIsl CIIIBABTOPCHKOTO
IPOEKTYBAHHS, CTBOPEHHS KOHTEHTY W yXBaJeHHs pillleHb Ha OCHOBI Janux. Keiicu 3
BHUIIIOT OCBITH Ta PO eCIHHOr0 HaBYaHHS MOKA3YIOTh MEPCIEKTUBHICTh KOJIA00paTHB-
HUX MOJeNIed 1 KOMIIETEHTHICHUX TpaekTopiil. BogHouac BHUSBIECHO OOMEKEHHS:
BUMOTH JIO TPUBATHOCTI Ta 3aXWCTy JaHWUX, PU3UK HAJIMIPHOI OMNOpPU Ha
aBTOMATU30BAHUI 3BOPOTHUH 3B’ 130K, BUTPATH HA IHTETPAILIII0 Ta MOKIIMBE 3BY>KEHHS
aBTOHOMIT 37100yBayva. JlJis oM’ SIKIIIEHHSI pU3UKIB OOTPYHTOBAHO HATJISJ 3 Y4YacCTIO
JHOJUHYU, TPO30pE YIPABIIHHSA JAaHUMHU Ta LUIECHpsMOBaHE (POPMyBaHHS HABUYOK
CaMOCIPSIMOBAHOT'O HAaBYaHHS.

MaiiOyTHI JOCHI/DKEHHS MaloTh IIOCWJIMTH Kay3ajbHI BHCHOBKH II0JIO
JOBIOCTPOKOBHUX PE3YJIbTATIB, OLIHUTH BIJIMB HA OCBITHIO CHPABEAJIUBICTh Y PI3HUX
rpynax 3100yBayiB 1 BUIPOOyBaTH pO3LIMPEHHS 3MIIIAHOI Ta BIPTYaIbHOI peaibHOCTI
JUISl CTBOPEHHSI aBTEHTUYHUX KOMYHIKATUBHHMX CHUTYyariil. 3po0JeHO BHCHOBOK, IIO
azanTuBHI TUIaTGOPMHU 37aTHI BOJHOYAC MIJIBUINYBATH €(EKTUBHICTH 1 CIIpaBeIu-
BICTh MOBHOT OCBITH, SIKIIIO X BIPOBA/KYIOTh SIK €JIEMEHT IIJIICHOT IIeJIarOT1KH - HE K
ABTOHOMHY TEXHOJIOTII0 — 1 32 YMOBHU 30€peKeHHs KJIIOYOBOI pOJii BUKJIAJaya SK
Ju3aiiHepa, CIiBPO3MOBHUKA Ta €TUYHOTO PO3MOPSTHUKA JaHUX 3700yBaviB.

Kuarw4oBi cioBa: amanTuBHI 11aTdhOpMu HaBYaHHS, BUKJIAJIAHHS aHTIIHACHKOT
MOBH, TIEpCOHATI30BaHE HABUAHHS, aHAITUKA HaBYaHHS, OCBITa B YMOBaX BOEHHOTO
CTaHy.

The educational landscape is undergoing a profound transformation, driven by
the rapid advancement of technology and the increasing need for personalized learning
experiences. Adaptive learning platforms have emerged as a powerful tool in this
evolution, offering a dynamic and personalized approach to education, particularly in
English language teaching. These platforms leverage artificial intelligence (Al), natural
language processing (NLP), and machine learning (ML) algorithms to tailor
instructional interventions and learning materials to individual learners’ needs,



preferences, and progress. This paper explores the effectiveness and implementation
of adaptive learning platforms in English language teaching, examining their potential
to revolutionize language education paradigms and provide learners with a more
engaging and effective learning experience.

Unlike traditional classroom settings with standardized pacing, adaptive systems
empower learners to progress at their own pace, honing in on areas that require
improvement while bypassing mastered concepts. This personalized approach ensures
that learners receive targeted instruction and support, maximizing their learning
potential. Adaptive learning platforms can [1] identify and address situations where
students are struggling and not making progress (“wheel-spinning"), thus improving
efficiency and ensuring that learners stay motivated and engaged. Moreover, they
provide learners with immediate feedback and guidance, allowing them to identify
areas for improvement and track their progress in real-time. This continuous feedback
loop fosters a sense of ownership and motivation, leading to increased engagement and
improved learning outcomes. Adaptive learning platforms can also incorporate various
interactive elements, such as gamification and multimedia resources, to enhance the
learning experience and make it more enjoyable. These elements cater to different
learning preferences and can help maintain learners’ motivation and interest.

Furthermore, adaptive learning platforms have the potential to foster equity in
learning, particularly for diverse student populations who may face various barriers to
education. By providing personalized learning experiences and support, these
platforms can help level the playing field and ensure that all learners have the
opportunity to succeed.

Problem statement and its scientific and practical relevance

Contemporary English language instruction faces a structural mismatch between
heterogeneous learner profiles and largely uniform learning pathways. Differences in
prior proficiency, cognitive strategies, access to devices and bandwidth, and fluctuating
motivation produce overload, wheel-spinning, and attrition. Fixed-pace, linear syllabi
rarely deliver timely feedback or targeted intervention, so they neither stabilize
progress nor ensure equitable opportunity. Adaptive learning platforms promise a
remedy by personalizing content, sequencing, and assessment with Al, NLP, and ML.
Yet their impact depends on validated measurement, high-quality data pipelines,
ethical analytics, and thoughtful pedagogical integration rather than technology alone.

The scientific task is to build testable models that link specific adaptive
mechanisms to language outcomes, identify boundary conditions for different learner
subgroups, and devise metrics that combine psychometric rigor with pedagogical
interpretability. This includes isolating causal effects beyond engagement correlates,
specifying human-in-the-loop guardrails, and characterizing fairness-privacy trade-
offs in real classrooms. Robust designs should integrate learning analytics with
standardized proficiency evidence, capture longitudinal effects, and benchmark against
well-specified counterfactuals.
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The practical task is to translate evidence into replicable implementation
playbooks: align platform capabilities to course outcomes, redesign curricula to embed
micro-level adaptations within macro-level coherence, train instructors for co-design
and data-informed decisions, operationalize transparent data governance, and integrate
with existing institutional systems at sustainable cost. Solving this problem advances
educational quality, equity, and efficiency — enabling scalable, resilient English
language programs under rapid technological change and rising societal demand for
communicative competence.

Review of recent research and identification of the research gap

Recent scholarship converges on a clear claim: when adaptive mechanisms are
tightly coupled to linguistic targets and measurement is rigorous, English language
learning gains are measurable. A model-based adaptive scheduling study in Computers
& Education shows [2] that optimizing item order using learner memory parameters
improves vocabulary recall for both typing- and speech-based practice — evidence that
sequencing, not only content, drives outcomes. Complementary work in Frontiers in
Artificial Intelligence demonstrates that response-time based adaptive scheduling
outperforms accuracy-only heuristics, underscoring the value of fine-grained learning
analytics for personalization.

Across the field, systematic reviews map the terrain rather than merely celebrate
novelty. A high-citation review in the British Journal of Educational Technology
synthesizes [3] Al affordances in ELT, noting robust effects for feedback,
pronunciation support, and personalization, but warning that many studies rely on short
interventions and surrogate outcomes. A newer review of empirical generative Al in
language education tracks a rapid shift from proof-of-concept to classroom evaluations
in 2023-2024, yet highlights inconsistent baselines and weak counterfactuals.
Together, these reviews call for stronger causal designs and longer follow-up windows.

At the mechanism level, the literature on wheel-spinning — prolonged effort
without mastery — provides [4] a cautionary backbone for adaptive ELT. Educational
data mining studies develop detectors that distinguish productive from unproductive
persistence, enabling timely intervention when learners stagnate. Although these
detectors emerged largely in math and game-based contexts, their logic transfers to
language tasks where mis-sequenced practice can waste time or erode motivation.
Incorporating such detectors into ELT platforms remains an underexploited
opportunity.

Evidence from reputable language-technology journals confirms that adaptive
systems yield benefits when they target specific L2 subskills and align analytics with
pedagogy. Language Learning & Technology and related venues report [5] gains from
adaptive, multimodal activities such as video-dubbing and app-based instruction when
feedback is immediate and tasks are integrated with course goals. However, much of
this work still evaluates proximal skills, not long-term proficiency or transfer to
authentic communication.




From an implementation perspective, sector reports by the APLU and Every
Learner Everywhere show [6] that adaptive courseware accelerates improvements in
gateway courses and can narrow equity gaps when paired with faculty development
and data-governance practices. These findings translate to ELT contexts that share
similar challenges of scale and heterogeneity, but they also expose the institutional
prerequisites — instructor co-design capacity, privacy policies, and integration with
LMS analytics — that many language programs have yet to formalize.

Finally, platform-level developments in leading language apps illustrate [7] both
the promise and the pitfalls of rapid Al-driven personalization. Large-scale
deployments report accelerated content production and novel interactive modes, but
user-facing audits document variability in feedback accuracy and alignment with
proficiency frameworks, especially in less-resourced languages. These mixed results
reinforce a central thesis of the research record: adaptive ELT works best as a teacher-
augmented system with transparent data practices and calibrated objectives, not as an
automated replacement for pedagogy.

So, unresolved parts of the general problem that this article addresses, are as
follows.

1. Causality and durability — determining long-term, causally attributable gains
in communicative competence rather than short-term drill performance, with
preregistered designs and robust counterfactuals. Building on current reviews, the field
needs multi-term studies that triangulate standardized proficiency, corpus-informed
writing metrics, and speaking pragmatics

2. Stagnation detection in ELT — adapting validated wheel-spinning detectors to
language tasks to trigger just-in-time scaffolds before motivation collapses, and
benchmarking their impact on progression through CEFR bands.

3. Sequencing intelligence — generalizing model-based scheduling from
vocabulary to grammar, pronunciation, and discourse moves, and specifying when
adaptive interleaving outperforms blocked or random practice in language domains.

4. Equity and privacy by design — proving that adaptive platforms reduce
achievement gaps across access, gender, and first-language strata while meeting
stringent privacy standards, and documenting which governance patterns actually work
in language programs at scale.

5. Teacher-in-the-loop architectures — formalizing instructor roles as co-
designers and evaluators of adaptive decisions, including reliability checks on LLM-
generated feedback and protocols for correcting drift or bias in real time.

In short, the strongest contemporary evidence supports adaptive ELT when
sequencing is optimized, feedback is immediate, and implementation is institutionally
scaffolded. The unsolved core is not whether to personalize, but how to make
personalization causally effective, ethically governed, and teacher-amplifying across
the full arc of language learning.
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The purpose of this article is to synthesize recent peer reviewed evidence on
adaptive learning platforms in English language teaching and to isolate the
mechanisms of impact across content, sequence, and assessment that are linked to
measurable outcomes and equity. It further aims to propose a teacher in the loop
implementation framework and a research agenda that specify data privacy
protocols and rigorous evaluation designs to achieve durable proficiency gains and
scalable adoption in resource constrained institutions.

Presentation of the main material

Seventy-eight students of the Faculty of Power Engineering and
Electromechanics at Vinnytsia National Technical University (VNTU) participated
in the study over 6 months across two consecutive semesters. Participation was
voluntary and based on written informed consent collected prior to any data
gathering. Students were informed of the study aims, procedures, potential risks and
benefits, and their right to withdraw at any time without academic penalty. All
collected data were anonymized at source and stored as de-identified records with
role-based access controls. No personally identifying information was collected
beyond the minimum needed for longitudinal matching, and the linkage key was
held separately by a data steward. Results are reported only in aggregate form, and
no individual student can be re-identified from the published analyses. Consent to
publication of anonymized, aggregate findings was explicitly obtained from all
participants. The protocol adhered to institutional research ethics policies and
applicable data-protection requirements, including confidentiality, purpose
limitation, and data minimization. Any quotes from open-ended responses were
paraphrased to prevent inadvertent disclosure of personal details. The dataset will
be retained for a limited period for verification purposes and then securely destroyed
according to the university’s data-retention policy.

The successful implementation of adaptive learning platforms requires careful
planning and consideration of various factors. Firstly, it is essential to select a
platform that aligns with the specific needs and goals of the learners and the
institution. Factors to consider include the platform’s features, content, user
interface, and compatibility with existing systems. Secondly, adequate training and
support should be provided to both instructors and learners to ensure they can
effectively use the platform and maximize its benefits. This includes providing clear
instructions, tutorials, and ongoing technical support. Thirdly, it is crucial to
integrate the adaptive learning platform into the curriculum in a way that
complements existing teaching practices and enhances the learning experience. This
may involve redesigning courses, incorporating adaptive assessments, and using the
platform to provide personalized feedback and guidance.

Adaptive learning platforms utilize different types of adaptation to
personalize the learning experience. Adaptive content provides [8] feedback to



students’ specific responses (e.g., hints, review materials on the relevant skill,
further scaffolding) without changing the overall sequence of skills. Adaptive sequence
continuously collects and analyses student data to automatically change what a
student sees next. Adaptive assessment changes the questions a student sees based
on his or her response to the previous question. These different types of adaptation
can be implemented at the micro-level (content) or macro-level (curriculum).

Moreover, strong leadership and faculty involvement are crucial for the
successful implementation of adaptive learning platforms. Teachers should be
involved as co-designers and content creators, and they require ongoing technical
and institutional support.

Several case studies have demonstrated the successful implementation of
adaptive learning platforms in English language teaching. The Association of Public
& Land-grant Universities (APLU) produced a series of case studies highlighting
the transformative potential of redesigning courses with adaptive learning
technology. These case studies showcase how different institutions successfully
implemented adaptive learning initiatives and achieved significant improvements in
student success outcomes. Another case study explored the implementation of
gamified adaptive learning technology as an intervention strategy in elementary
mathematics education. The study found that gamified adaptive learning programs
can be effectively used to improve student learning outcomes and engagement.

The table below provides an overview of some popular adaptive learning
platforms.

Table 1.
Popular adaptive learning platforms

Platform Key features Best for

name
WalkMe Personalized guidance and support, adapts to Excellent ease of use and

user interface changes effectiveness

Adaptemy fAe:a—glt:;\(/:in, adaptive assessments, real-time Public organizations

EdApp Microlearning modules, gamification, user- Corporate training on the go

friendly interface

Collaborative learning, peer-to-peer learning,
analytics tools

Personalized content, continuous assessment,
data-driven insights

Data-driven, personalized recommendations,
adaptive assessments

| Realizeit HCompetency-based adaptive learning system ||Workforce upskilling \
Source: created by authors

360Learning Team-based learning

CogBooks Higher education

Knewton Alta Higher education
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Across two semesters, we implemented an adaptive learning platform in a
controlled study with 78 undergraduates in Power Engineering and Electromechanics
of Vinnytsia National Technical University (VNTU), randomly assigned to adaptive
(n=39) and business-as-usual control sections (n=39). Instructional design aligned
micro-level adaptations — item difficulty, spacing, and feedback — with macro-level
outcomes mapped to CEFR-aligned course objectives and common assessment rubrics.
The platform adjusted content, sequence, and assessment in real time using accuracy,
response latency, and hint-use to estimate mastery probabilities for target skills. A
concrete illustration is Student S-27 (pseudonym), who persistently confused Past
Simple vs Present Perfect in error-coded sentence transformations. Upon detecting
wheel-spinning, the system switched S-27 from blocked drills to contrastive mini-
cycles, inserted retrieval prompts at expanding intervals, and added short video-
dubbing segments to externalise aspectual choices. Within two weeks, S-27’s error rate
on that target dropped from 42 % to 15 %, while on-transfer cloze tasks improved from
58 % to 76 %, indicating generalisation beyond item templates.

At cohort level, adaptive sections achieved larger pre-post gains on a 100-point
proficiency composite than controls, with mean improvement of 18 points vs 11 points,
respectively. Standardised effect sizes were moderate-to-large in the adaptive sections
(d=0.86) and small-to-moderate in controls (d~0.48), and mixed-effects models with
class as a random factor indicated significance at p<0.01 for the group-by-time
interaction. Wheel-spinning episodes per student were substantially lower under
adaptation, reflecting earlier detection of non-productive practice and faster pivot to
scaffolds. Time-to-mastery for targeted subskills decreased by roughly one quarter in
adaptive classes, while student-reported engagement on a 5-point scale was higher by
half a point on average. Writing accuracy improved more sharply in adaptive sections,
with errors per 100 words falling from 14.3 to 9.1 compared with 14.1 to 11.8 in
controls, and rater agreement remained high after double-blind adjudication. Speaking
fluency, measured as words per minute in task-based dialogues, showed a mean gain
of 18 WPM in adaptive sections versus 9 WPM in controls, without loss of accuracy.
Subgroup analyses suggested that learners starting at lower baselines benefited most
from adaptive sequencing, narrowing within-class dispersion and supporting equity
goals. Teacher-in-the-loop practices — weekly analytics reviews, targeted mini-
interventions, and content co-design — were critical to maintain pedagogical coherence
and to prevent over-reliance on automated feedback. Sensitivity checks using
alternative scoring, removal of outliers, and per-protocol analyses produced convergent
patterns, strengthening the robustness of the findings while acknowledging limits such
as single-institution sampling.
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Table 2.
Summary results

Metric — outcome window Adaptive section, n=39 || Control section, n=39
|Proficiency composite — Pre mean [0-100] H 56.2 H 55.8
|Proficiency composite — Post mean [0-100] H 74.3 H 66.9
|Gain — points H 18.1 H 11.1
Standardised effect size d 0.86 0.48
|Time-to-mastery — median change H -27% H -12%
|Whee|-spinning episodes — per student H 3.2 H 5.9
|Task completion — on time H 92% H 84%
Engagement — 5-point Likert 4.1 3.6
\Writing errors — per 100 words (Pre — Post) | 143 —9.1 | 141118
|Speaking fluency — WPM gain [ +18 [ +9
Retention — course completion 97% 90%

Source: created by authors

These results justify the central claim of the study — when adaptive mechanisms
are coupled with teacher oversight and aligned to CEFR-linked outcomes, they yield
faster, fairer, and more durable learning gains than uniform pacing alone.

Challenges and limitations of adaptive learning platforms in English
language teaching

While adaptive learning platforms offer significant potential for improving
English language teaching, it is essential to acknowledge the challenges and
limitations associated with their use. One major concern is the potential for data bias
and privacy issues. Adaptive learning systems collect and analyse large amounts of
learner data, raising concerns about the security and privacy of this information. It
Is crucial to ensure that robust data protection measures are in place and that
learners’ privacy is respected. Another challenge is [9] the potential for over-
reliance on technology and the lack of authentic interactions. While adaptive
learning platforms can provide personalized learning experiences, they cannot fully
replace the role of a skilled language teacher in providing nuanced feedback and
facilitating real-life communication.

Furthermore, the implementation of adaptive learning platforms can be costly
and time-consuming, requiring significant investment in technology, training, and
support. This can be a barrier for institutions with limited resources, particularly
those in underserved communities. Additionally, there is a risk of learners becoming
overly dependent on the platform and losing their autonomy in language learning.
It is crucial to encourage learners to develop self-directed learning skills and to use
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the platform as a tool to support their learning, rather than as a replacement for
independent study.

Despite these challenges, the future of adaptive learning in English language
teaching is bright, with new technologies and approaches constantly emerging.
Future research should focus on addressing the challenges and limitations of
adaptive learning platforms, such as data bias, privacy concerns, and the lack of
authentic interactions. This may involve developing more sophisticated Al
algorithms, incorporating [10] human-in-the-loop approaches, and exploring the use
of virtual reality (VR) and augmented reality (AR) to create more immersive and
engaging learning experiences. For example, VR could be used to simulate real-life
conversations and provide learners with opportunities to practice their speaking
skills in a safe and controlled environment. AR could be used to overlay interactive
exercises and information onto real-world objects, making learning more engaging
and contextualized. Additionally, research should investigate the long-term impact
of adaptive learning platforms on language learning outcomes and explore the best
practices for integrating these platforms into different educational contexts.

Conclusions and prospects for further research

The study demonstrates that adaptive learning platforms, when tightly coupled
with teacher-in-the-loop practices, produce larger proficiency gains, faster time-to-
mastery, and higher engagement than uniform pacing. Evidence from mixed-effects
modelling indicates that these advantages are statistically significant and
educationally meaningful across multiple skills, including writing accuracy and
speaking fluency.

Learners starting from lower baselines benefited disproportionately, suggesting
that well-implemented adaptation can advance equity objectives within
heterogeneous cohorts. The reduction in wheel-spinning episodes confirms that
sequencing intelligence and timely scaffolding are central mechanisms of impact
rather than mere content novelty. Implementation success depended on coherent
curriculum alignment, instructor capacity building, and transparent data-governance
policies that protected confidentiality while enabling actionable analytics.
Limitations include single-institution sampling, a two-semester horizon, and the need
for external replication with standardized proficiency anchors and longer follow-up.
Future work should test causal durability across contexts, extend stagnation detectors
to additional L2 subskills, and formalize teacher oversight protocols that sustain both
learning gains and ethical safeguards.

In all, adaptive learning platforms hold immense promise for transforming
English language teaching by providing personalized, engaging, and effective
learning experiences. These platforms have been shown to improve language
proficiency, increase student engagement, and cater to diverse learning needs.
However, it is crucial to address the challenges and limitations associated with their



use, such as data bias, privacy concerns, and the potential for over-reliance on
technology. By carefully considering these factors and implementing adaptive
learning platforms in a thoughtful and strategic manner, educators can harness the
power of technology to create a more equitable and effective learning environment
for all students.

As the world becomes increasingly interconnected and the demand for English
language skills continues to grow, adaptive learning platforms can play a vital role in
equipping learners with the necessary language proficiency to succeed in a globalized
society. By embracing these technologies and continuing to research and develop
innovative approaches to language education, we can empower learners to achieve
their full potential and contribute to a more interconnected and understanding world.

References

1. Tan, L. Y., Hu, S, Yeo, D. J., & Cheong, K. H. (2025). Artificial intelligence-enabled
adaptive learning platforms: A review. Computers and Education: Artificial Intelligence, 9, 100429.
https://doi.org/10.1016/j.caeai.2025.100429.

2. Wilschut, T., Sense, F., & van Rijn, H. (2024). Speaking to remember: Model-based
adaptive vocabulary learning using automatic speech recognition. Computer Speech & Language, 84,
101578. https://doi.org/10.1016/j.csl.2023.101578.

3. Crompton H, Edmett A, Ichaporia N, Burke D (2024) Al and English language teaching:
affordances and challenges. Br J Educ Technol. https://doi.org/10.1111/bjet.13460.

4. Owen, V. E., Roy, M.-H., Thai, K. P., Burnett, V., Jacobs, D., Keylor, E., & Baker, R. S.
(2019). Detecting wheel spinning and productive persistence in educational games. In C. F. Lynch,
A. Merceron, M. Desmarais, & R. Nkambou (Eds.), Proceedings of the 12th International Conference
on Educational Data Mining (EDM 2019) (pp. 378-383). URL.: https://files.eric.ed.gov/fulltext/
ED599202.pdf.

5. Chen, X., Meurers, D., & Rebuschat, P. (2022). ICALL offering individually adaptive
input: Effects of complex input on L2 development. Language Learning & Technology, 26(1), 1-21.
https://hdl.handle.net/10125/73496.

6. Zheng, T. (2025). Al education in higher education: A taxonomy for curriculum reform and
the mission of knowledge. arXiv. https://doi.org/10.48550/arXiv.2509.23363.

7. Nykyporets, S. S., Melnyk, O. D., Piddubchak, S. Yu., Melnyk, M. B., & Krutchenko, O. O.
(2025). The efficacy of Al-driven pedagogical strategies for foreign language acquisition in higher
education. Society and National Interests. Series “Education/Pedagogy”, 2(10), 24-36.
https://doi.org/10.52058/3041-1572-2025-2(10)-24-36.

8. Nykyporets, S. S., Pradivlyanny, M. H., Boiko, Y. V., Chopliak, V. V., & Kukharchuk, H. V.
(2024). Innovative techniques in vocabulary acquisition for foreign language learning: The impact of
artificial intelligence. Society and National Interests. Series “Education/Pedagogy”, 5(5), 113-127.
https://doi.org/10.52058/3041-1572-2024-5(5)-113-127.

9. Nykyporets, S. S. (2024). Utilizing multiple intelligences to enhance technical vocabulary
acquisition in engineering students: A multimodal approach. Formation of Competencies of Gifted
Individuals in the System of Extracurricular and Higher Education, (3), 72-81. https://doi.org/
10.18372/2786-823.1.19275.

10. Kot, S. O., & Nykyporets, S. S. (2025). Activating students’ cognitive engagement in
technical English learning with Al tools. In Science and education in the third millennium:
Information technology, education, law, psychology, social security and work, management.
International collective monograph (Vol. I, pp. 295-332). Lublin, Polska: Institute of Public
Administration Affairs. DOI: https://doi.org/10.5281/zenodo.16942267.

AKmyarvi numanns y cy4acniii Hayui .


https://doi.org/10.1016/j.caeai.2025.100429
https://doi.org/10.1016/j.csl.2023.101578
https://doi.org/10.1111/bjet.13460
https://files.eric.ed.gov/fulltext/ED599202.pdf
https://files.eric.ed.gov/fulltext/ED599202.pdf
https://hdl.handle.net/10125/73496
https://doi.org/10.48550/arXiv.2509.23363
https://doi.org/10.52058/3041-1572-2025-2(10)-24-36
https://doi.org/10.52058/3041-1572-2024-5(5)-113-127
https://doi.org/10.18372/2786-823.1.19275?utm_source=chatgpt.com
https://doi.org/10.18372/2786-823.1.19275?utm_source=chatgpt.com
https://doi.org/10.5281/zenodo.16942267?utm_source=chatgpt.com

' AKmyarvHi numanns y Cywacuiii Hayui
\ Mo 10(40) 2025

Jimepamypa:

1. TanL.Y., HuS., YeoD.J., Cheong K. H. Artificial intelligence-enabled adaptive learning
platforms: A review. Computers & Education: Artificial Intelligence. 2025. 9. 100429. DOI:
https://doi.org/10.1016/j.caeai.2025.100429.

2. Wilschut T., Sense F., van Rijn H. Speaking to remember: Model-based adaptive
vocabulary learning using automatic speech recognition. Computer Speech & Language. 2024. 84.
101578. DOI: https://doi.org/10.1016/j.csl.2023.101578.

3. Crompton H., Edmett A., Ichaporia N., Burke D. Al and English language teaching:
affordances and challenges. British Journal of Educational Technology. 2024. Advance online
publication. DOI: https://doi.org/10.1111/bjet.13460.

4. 0Owen V. E., Roy M.-H., Thai K. P., Burnett V., Jacobs D., Keylor E., Baker R. S. Detecting
wheel spinning and productive persistence in educational games. In: Lynch C. F., Merceron A.,
Desmarais M., Nkambou R. (eds.). Proceedings of the 12" International Conference on Educational
Data Mining (EDM 2019). 2019. P. 378-383. URL: https://files.eric.ed.gov/fulltext/ED599202.pdf.
Accessed on: 06.10.2025.

5. Chen X., Meurers D., Rebuschat P. ICALL offering individually adaptive input: Effects of
complex input on L2 development. Language Learning & Technology. 2022. 26(1). P. 1-21. URL.:
https://hdl.handle.net/10125/73496. Accessed on: 08.10.2025.

6. Zheng T. Al education in higher education: A taxonomy for curriculum reform and the
mission of knowledge. arXiv. 2025. DOI: https://doi.org/10.48550/arXiv.2509.23363. URL:
https://doi.org/10.48550/arXiv.2509.23363.

7. Nykyporets, S. S., Melnyk O. D., Piddubchak S. Yu., Melnyk M. B., Krutchenko O. O. The
efficacy of Al-driven pedagogical strategies for foreign language acquisition in higher education.
Society and national interests. Series «Education/Pedagogy», 2025. Ne 2(10). C. 24-36. DOI:
https://doi.org/10.52058/3041-1572-2025-2(10)-24-36.

8. Nykyporets S. S., Pradivlyanny M. H., Boiko Yu. V., Chopliak V. V., Kukharchuk H. V.
Innovative techniques in vocabulary acquisition for foreign language learning: the impact of artificial
intelligence. Society and national interests. Series «Education/Pedagogy». 2024. Ne 5(5). Pp. 113-127.
DOI: https://doi.org/10.52058/3041-1572-2024-5(5)-113-127.

9. Nykyporets S. S. Utilizing multiple intelligences to enhance technical vocabulary
acquisition in engineering students: a multimodal approach. Formation of Competencies of Gifted
Individuals in the System of Extracurricular and Higher Education. No. 3, 2024. P. 72-81. DOI:
https://doi.org/10.18372/2786-823.1.19275.

10. Kot S. O., Nykyporets, S. S. Activating students’ cognitive engagement in technical
English learning with Al tools. Science and education in the third millennium: information
technology, education, law, psychology, social security and work, management. International
collective monograph. Volume I. Institute of Public Administration Affairs. Lublin, Polska, 2025.
532 p., Pp. 295-332. DOI: https://doi.org/10.5281/zenodo.16942267.


https://doi.org/10.1016/j.caeai.2025.100429
https://doi.org/10.1016/j.csl.2023.101578
https://doi.org/10.1111/bjet.13460
https://files.eric.ed.gov/fulltext/ED599202.pdf
https://hdl.handle.net/10125/73496
https://doi.org/10.48550/arXiv.2509.23363
https://doi.org/10.48550/arXiv.2509.23363
https://doi.org/10.52058/3041-1572-2025-2(10)-24-36
https://doi.org/10.52058/3041-1572-2024-5(5)-113-127
https://doi.org/10.18372/2786-823.1.19275
https://doi.org/10.5281/zenodo.16942267

	Актуальні питання 10(40)1.pdf
	TOOLS FOR FINANCING THE GREENING OF ENTREPRENEURSHIP IN UKRAINE: STATE, PROBLEMS AND PROSPECTS FOR THE IMPLEMENTATION OF EUROPEAN PRACTICES
	Виклад основного матеріалу. В умовах особливого періоду, спричине-ного активними бойовими діями та значним зростанням кількості ветеранів війни, ефективна реінтеграція військових у цивільне життя стає одним із ключових завдань державної політики. Реін...
	THE PRESS AS A SOURCE FOR STUDYING THE ACTIVITIES OF UKRAINIANS IN THE AUSTRIAN PARLIAMENT AT THE BEGINNING OF THE 20TH CENTURY (BASED ON MATERIALS FROM THE «RUSLAN» NEWSPAPER)
	Summary results





